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Self-optimizing Method of Active Vibration Control Using Deep Learning

Cao Miao V

Abstract

When designing a building’s active vibration control, it is necessary to properly evaluate the
effect on the control effect caused by changes in vibration characteristics due to aging
deterioration and damage. However, although the previous designs have certain robustness
against changes in vibration characteristics, they have insufficient on these control effect. In this
paper, we establish a method based on deep learning to identify changes in vibration
characteristics. Using this method, we can achieve the self-optimization of the active vibration
control.
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